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Abstract : Missing data is a common challenge in medical research and can lead to biased or incomplete results. When the
data bias leaks into models, it further exacerbates health disparities; biased algorithms can lead to misclassification and
reduced resource allocation and monitoring as part of prevention strategies for certain minorities and vulnerable segments of
patient populations, which in turn further reduce data footprint from the same population – thus, a vicious cycle. This study
compares the performance of six imputation techniques grouped into Linear and Non-Linear models on two different realworld
electronic health records (EHRs) datasets, representing 17864 patient records. The mean absolute percentage error (MAPE)
and root  mean squared error  (RMSE)  are  used as  performance metrics,  and the  results  show that  the  Linear  models
outperformed the Non-Linear models in terms of both metrics. These results suggest that sometimes Linear models might be
an optimal choice for imputation in laboratory variables in terms of imputation efficiency and uncertainty of predicted values.
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