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Stability Analysis of Impulsive BAM Fuzzy
Cellular Neural Networks with Distributed Delays
and Reaction-diffusion Terms
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Abstract—In this paper, a class of impulsive BAM fuzzy cellular
neural networks with distributed delays and reaction-diffusion terms
is formulated and investigated. By employing the delay differential
inequality and inequality technique developed by Xu et al., some
sufficient conditions ensuring the existence, uniqueness and global
exponential stability of equilibrium point for impulsive BAM fuzzy
cellular neural networks with distributed delays and reaction-diffusion
terms are obtained. In particular, the estimate of the exponential con-
vergence rate is also provided, which depends on system parameters,
diffusion effect and impulsive disturbed intention. It is believed that
these results are significant and useful for the design and applications
of BAM fuzzy cellular neural networks. An example is given to show
the effectiveness of the results obtained here.

Keywords—Bi-directional associative memory; fuzzy cellular neu-
ral networks; reaction-diffusion; delays; impulses; global exponential
stability.

I. INTRODUCTION

HE reaction-diffusion neural networks were firstly in-

troduced by L. O. Chua in order to study passivity
and complexity [1]. M. Itoh and L. O. Chua had further
investigated the complexity of reaction-diffusion CNN with
various boundary conditions such as the Neumann boundary
conditions, the Dirichlet boundary conditions and the periodic
boundary conditions [2]. In 2003, Wang and Xu proposed
a class of reaction-diffusion Hopfield neural networks with
the Neumann boundary conditions and studied the global
exponential stability of this class of networks. Since than,
many researchers have done extensive works on this subject,
there exist some results on global asymptotical stability, global
exponential stability and periodic solutions for the reaction-
diffusion neural networks with various delays and the Neu-
mann boundary conditions, for example, see [4]-[16] and ref-
erences therein. On the other hand, besides delay and diffusion
effect, impulsive effect likewise exists in the neural network
system. As artificial electronic systems, neural networks such
as CNNs, bidirectional neural networks and recurrent neural
networks often are subject to impulsive perturbations which
can affect dynamical behaviors of the systems just as time
delays. Therefore, it is necessary to consider impulsive effect,
diffusion effect and delay effect on the stability of neural
networks [21]-[25], [28]. However, we note that, in [3]-[16],
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[21]-[23], [25], [28], all criteria on stability and periodicity
for reaction-diffusion neural networks with the Neumann
boundary conditions were independent of the diffusion effect.
In other words, in those results of Ref. [3]-[16], [21]-[23],
[25], [28], we do not know the reaction-diffusion phenomenon
how to affect stability of neural networks. Recently, Lu et al.
proposed some reaction-diffusion delayed recurrent neural net-
works with Dirichlet boundary conditions and obtained some
diffusion-dependent criteria on stability and periodicity for the
formulated neural networks [17]-[19], these criteria show that
the diffusion phenomenon is beneficial to the stabilization of
neural systems.

The bidirectional associative memory (BAM) neural net-
work is first introduced by Kosko [29]. It is a special class of
recurrent neural networks that can store bipolar vector pairs.
The BAM neural network is composed of neurons arranged
in two layers, the X-layer and Y-layer. The neurons in one
layer are fully interconnected to the neurons in the other
layer. Through iterations of forward and backward information
flows between the two layer, it performs a two-way asso-
ciative search for stored bipolar vector pairs and generalize
the single-layer autoassociative Hebbian correlation to a two-
layer pattern-matched heteroassociative circuits. Therefore,
this class of networks possesses good application prospects in
some fields such as pattern recognition, signal and image pro-
cess, artificial intelligence. To the best of our knowledge, few
authors have considered BAM fuzzy cellular neural networks.
To the best of our knowledge, few authors have investigated
impulsive BAM fuzzy cellular neural networks with distributed
delays and reaction-diffusion terms.

Motivated by the above discussions, the objective of this
paper is to formulate and study impulsive BAM fuzzy neural
networks with distributed delays and diffusion. Under quite
general conditions, by employing delay differential inequality
and inequality technique developed by Xu et al. [27], [28],
some sufficient conditions ensuring the existence, uniqueness
and global exponential stability of equilibrium point for im-
pulsive BAM fuzzy cellular neural networks with distributed
delays and diffusion are obtained.

The paper is organized as follows. In Section 2, the new neu-
ral network model is formulated, and the necessary knowledge
is provided. Main results are given in Section 3. In Section 4,
An example is given to show the effectiveness of the results
obtained here. Finally, we give the conclusion in Section 5.
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II. MODEL DESCRIPTION AND PRELIMINARIES

In this section, we will consider the model of impulsive
BAM fuzzy neural networks with distributed delays and
reaction-diffusion terms, it is described by the following
functional differential equations:

aul(t x)

9 -(D;yr 6“1“ L)) — a;u;(t, )

aijg;(vj(t, x)) + é Qijw;
+ /\ i [ —5)g;(vj(s,x))ds
+ \/ awf —5)gj(vi(s,x))ds
+ /\1lew] + \/ Hijwj+ I, t>0,t#t,
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for i € # £ {1,2,---,n}, j € F {1,2,---,m},
ke N = {1,2,---}, where = (z1,20,---,2;)7 € Q C
R, and Q@ = {2 = (z1,20,--,2)7, |2o| < loyr =
1,2,---,1} is a bounded compact set with smooth boundary

and mesQ > 0 in space R';u = (u1,ug, -+, u,)T € R" v =
(v1,v9, -, vm)T € R™; u;(t, ) and v;(t,x) are the states
of the ¢th neuron and the jth neuron at time ¢ and in space
x, respectively; D;; > 0 and Djk > 0 correspond to the
transmission diffusion coefficient along the ith neuron and the
Jjth neuron, respectively; f; and g; denote the signal functions
of the ¢th neuron and the jth neuron at time ¢ and in space
x, respectively; w; and w; denote inputs of the ith neuron
and the jth neuron at the time ¢, respectively; and I; and J;
denote bias of the ith neuron and the jth neuron at the time t,
respectively; a; > 0,b; > 0, as5, @ij, g, Q4j, by, ﬂ,ﬂﬂ,ﬂﬂ
are constants, a; and b represent the rate with which the
ith neuron and the jth neuron will reset their potential to
the resting state in isolation when disconnected from the
networks and external inputs, respectively; a;;, bj; and a;;, bj;
denote connection weights of feedback template and feed-
forward template, respectively; aj;,3;; and &;j, 3;; denote
connection weights of the delays fuzzy feedback MIN template
and the delays fuzzy feedback MAX template, respectively;
T;;,Tj; and H,j, H i are elements of fuzzy feedforward MIN
template and fuzzy feedforward MAX template, respectively;
/A and \/ denote the fuzzy AND and fuzzy OR operation,
respectively; ¢ is called impulsive moment, and satisfies

O<ti<ta<--, hrf tr = +00; u;(ty, , ), v;(t, ,x) and
oo
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ui (), @), v;(t), ) denote the left-hand and right-hand limits
at ty, respectively; P, and @);, show impulsive perturbation
of the ith neuron and jth neuron at time tj, respectively.
We always assume u;(t),2) = w;(ty,x) and v;(t},2) =
vi(ty,x), k€ N.

The Dirichlet boundary conditions and initial conditions are
respectively given by

u;(t,z) =0, t>0, z€0Q, i€, 2)
vi(t,x) =0, t>0, z€09, je ¢Z,
and
’LLZ‘(S,.Z') = ¢u1ﬁ($7$)a —00 < 5 <0, (3)
Uj(sax) = (stj(saw)v —00 <5 <0,

where ¢u;(s, ), dj(s,z) (i € F,j € #) are bounded and
continuous on (—oo, 0] x £, respectively.

If the impulsive operators P, (u;) = 0, Qjr(vj) = 0,14 €
J,j € Z,k € N, then system (1) may reduce to the
following model:

l
Ou; (t,x 8% x
i) _ 92 2 (D, 250 -

,',‘7

a;iu;(t,x)

H

m

+ Z aijg;(v;(t, z)) + ; G w;
+ /\ Q5 f_ S)Qj(vj(sv‘r))ds
+ \/ Qij ffoo $)g;(v;(s,x))ds

+ /\ Tz]wj + \/ Hzgw] +1I;, t>0,
j=1

Nij(t —

(4)

l
Ov,(t,x) A Ov;(tx
uilb) — 3° 2 (Djriait,, L) — bjv;(t,z)

2+ B,
+§1 b fius(t,2)) + ;1 bt

+Z\1 Bji fioo Kji(t — s)fi(ui(s, x))ds
+ i\Z Bji ff (t —s)fi(ui(s,x))ds
+47\1 Wy + V Zwi+Jj, t >0,

where the Dirichlet boundary conditions and initial conditions
are given by (2) and (3), respectively. System (4) is called the
continuous system of model (1).

Throughout this paper, we make the following assumptions:

(H1) For neuron activation functions f; and g; (i € &;j €
J), there exist two positive diagonal matrices F' =

diag(Fy, Fy,---, F,) and G = diag(G1,Go, - -,Gm)

such that

FizsupM7 GJ:SUPM
uFv u=v utv U=

for all u,v € R (u # v).

(H2) The delay kernels N;;, Kj; : [0, +00) — [0,4+00), (i €
& j € Z) are real-valued non-negative continuous, and
there exists a constant § > 0 such that functions

“+oo
n”()\) = /0 EASNij(S)dS

1SN1:0000000091950263



Open Science Index, Mathematical and Computational Sciences Vol:4, No:7, 2010 publications.waset.org/13265.pdf

World Academy of Science, Engineering and Technology
International Journal of Mathematical and Computational Sciences
Voal:4, No:7, 2010

and oo
k‘ﬂ()\) = / e)‘sKji(s)ds
0

are continuous for A € [0,9) (i € J;5€ 7).

Let Py(u) = u + Py(u) and Qp(v) = v +
Qr(v) be Lipschitz continuous in R™ and R™, re-
spectively, that is, there exist nonnegative diagnose
matrices Ty = diag(yig, Yok, > Vnk) and Tj =
diag(Y1k, Yok, - - + s ¥mk) such that

| P (u)—Pi(v)| < Tglu—v|, forallu,v € R" k€ N,

(H3)

|Qr(u)—Qr(v)| < Txlu—v|, forallu,v € R™, k€ N,

vghere Pk(u) = (_Plk(ul),_ng(uQ), e ,_Pnk(un))T,
Qr(v) = (Qur(v1), Q2 (v2), -+, Qumr(vm)) 7,
Pe(z) = (Pix(ur), Pag(uz), -, Par(un))".Qr(v) =
(Qur(v1), Qar(v2),- -+, ka(vm))T~

To begin with, we introduce some notation and recall some
basic definitions.

PC[J x QR & {w(t,z) : J x Q — R'|w(t,x) is
continuous at ¢ # tj, w(t{,z) = u(ty, =) and w(t; ,z) exists
for t, t,, € J, k € N}, where J C R is an interval.

PC[J,R"] £ {w(t) : J — R*|w(t) is continuous at t # ty,
w(t!) = w(ty) and w(t;) exists for ¢, t, € J, k € N},
where J C R is an interval.

PO(Q) 2 {p: (00,0l x Q@ = R'| o(sT,2) = ¢(s,2) for
s € (—00,0), p(s™,x) exists for s € (—00,0], p(s™,z) =
(s, z) for all but at most a finite number of points s €
(=00, 0]}.

PC, £ {¢ : (=00,0] = R"| ¢(s*) = ¢(s) for
s € (—00,0), ¢(s7) exists for s € (—00,0], P(s7) = ¢(s)
for all but at most a finite number of points s € (—oo, 0]}.

PC,, & {¢ : (—00,0] = R™| ¢(s7) = ¢(s) for s €
(—00,0), ¢(s7) exists for s € (—o00,0], ¢(s7) = ¢(s) for
all but at most a finite number of points s € (—o0,0]}.

For w(t,z) = (wyi(t,x),wa(t,x), -, w,(t,z))T € R, we

define [lw;(t, z)[l2 = [fQ \wi(t,x)|2d:z;} io= 1,2, 0,

and for any QS(S,.’]J) = (¢1(83$)7¢2(57I)7" : 7¢L(sax))T €
PC(Q), the norm on PC() is defined by

RIS

[6ll2 = Sup<0; [¢:(s, )|,

—o0<s

then it can be proved that PC()) is a Banach space [19].
Definition 1: A function (u(t, ), (v(t,x))T
(u: (—o00,400) X 2 = R™, v : (—o0,+00) x Q& — R™)
is said to be the solution of impulsive system (1), if the
following two conditions are satisfied
(i) For t, u(t,x) and v(t,x) are piecewise continuous with
first kind discontinuity at the points ¢, & € N. Moreover,
u(t,x) and v(t,x) is right continuous at each disconti-
nuity point.
(ii) u(t,x) and v(t,z) satisfy (1) and (2) for ¢ > 0, and
u(t, z) and v(t, x) satisfy (3) for t < 0.
Especially, a point (u*,v*)” (u* € R*,v* € R™) is called an
equilibrium point of system (1), if (u(t, ), v(t))T = (u*,v*)T
is a solution of system (1).
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Throughout this paper, we always assume that the impulsive
jumps Pj and Q) satisfy (referring to[14])

Pi(u*) =0 and Qx(v*) =0, k&N,

Py(u*) = u* and Q(v*) =v*, k€N, @)

where (u*,v*)7 is the equilibrium point of continuous systems
(4). That is, if (u*,v*)T is an equilibrium point of continuous
system (4), then (u*,v*)T is also the equilibrium of impulsive
system (1).

Definition 2: The equilibrium point (u*,v*)T of system
(1) is said to be globally exponentially stable, if there exist
constants A > 0 and M > 1 such that

n m
Sl wilt, ) =y lla + Y [l vi(t2) =] l2
i=1 =1

< M(|| u—ut 2+ || do — 0" [2)e™ ®)
for all t > 0, where
(ul(tax)v e 7un(t7x)7vl(tax)7 e ,’Um(t, x))T

is any solution of system (1) with the initial condi-
tiOIl (d)uh ¢u27 tee »¢un» ¢vl7 ¢1}27 tee »¢Um)T> and ¢u -
((;bulv ¢u27 e 7¢un)Ta ¢v = (¢v17 ¢v27 e 7¢Um)T~

Lemma 1: [26] For any positive integer n, let h; : R — R
be a function (j = 1,2,---,n), then we have

‘ /i\ ajhj(uj) — /i\ Oljhj(vj)‘ < zj: ‘Oéj‘ : ’hj(uj)—hj(vj)

I

‘ \”/ ol (u;) — \"/ Oéjhj(vj)’ < i ’0‘3“ . ‘hj(uj) - hj(vj)‘
j=1 j=1 j=1

T —
,’U—

for all & = (g, 9, -, an)T, u = (ug,uz, -, u,)
(1,09, ,v,)T € R™.

Lemma 2: [17] Let 2 be a cube |x,.| <. (r=1,2,---,1)
and let h(z) be a real-valued function belonging to C1(9)

which vanish on the boundary 90 of Q, i.e., h(z)|sq = 0.

Then
oh
h2(x)dz < lf/

By the methods developed by Xu et al. [27], [28], we can
get the following inequality.

Lemma 3: Let a < b < +oo, and let a(t) =
(@i (), t2(t), - Un(t))T € PClla,b),R"] and o(t) =
(01(t), D2(t), -+, 0m(t))T € PC[la,b), R™] satisfy the fol-
lowing delay differential inequality with the initial condition
w(a+s) € PCy and 9(a + s) € PCy, :

2
dx.

D+ai(t) < _Ti'ai(t) + Z pij@j (t)
i=1
+ > i f0+oo Nij(s)v(t — s)ds, i€ .S,
Jj=1
DFo;(t) < —750() + 3 pjatia(t)
i=1

+; @i [T Kji(s)ai(t —s)ds, je 7.
- (8)
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where r; > 0, p;; >0, ¢q;; >0,7; >0, p;; >0,g;; >0,1¢€
&, j € _#.1If the initial conditions satisfy

a(s) < kEeMs—a)
B(s) < kme A=),

s € [~o0,a],
s € [—o0,al,

(9)

in which A\ > 0, & = (&,&, -
(M1 m25 -+ )T > 0 satisfy

&) > 0and n =

(A—ri)& + Zl(pij + qij f0+oo N;j(s)erds)n; <0,
J=

(A =7j)m; + ;(ﬁji + @i [, Kji(s)erds))g; < 0,

(10)
forie #,je #Z. Then
a(t) < ke N7t € [a,b),
o(t) < ke M=)t € [a,b).

Proof. For i € .%, j € ¢ and arbitrary £ > 0, set z;(t) =
(k+e)&e M9 z.(t) £ (k + &)nje” =9 we prove that

{ @i(t) < zi(t) = (k + e)&e =),
B;(t) < 7(t) = (5 + e)pje =),

t € la,b), i€ .S,
telab),je 2.
(11)
If this is not true, no loss of generality, suppose that there exist
ip and t* € [a,b) such that
s (t*) = Zij (t*)v D+aio(t*) > Zi (t*)v
ui(t) < zi(t), o;(t) < z(t), telat"]
forie /S, je ¢.
However, from (8), (12) and (11), we get

12)

~Tio iy (") + D Pioi ¥ (£7)
j=1
m +oc0

+ Gioj Niyj(s)0;(t" = s)ds
=1 0

Dta, (t*) <

IN

7Ti0(’i + 5)52'06_)\@*_(1)
+ Zpigjﬁj("ﬂ +e)ne M

j=1
m

+3 " Gigj (ki + )me M
=1

“+o0o
X / e Niy;(s)ds
Jo
= [ —1ig&ip + Z (pigj
=1
“+o00
+qi()j/ e)\SN’i()j(S)dS)
0
x| (1 + )e 0,

m

Since (10) holds, it follows that —r; &, + > (pig; +
j=1

Qioj f0+°° ers i0i(8)ds)n; < —A&;, < 0. Therefore, we have

DF i, (1) < =&y (K +€)e M=) = 2, (%),
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which contradicts the inequality D a;, (t*) > 2, (t*) in (12).
Thus (11) holds for all ¢ € [a,b). Letting ¢ — 0, we have
ﬁz(t) S K/fiei)\(tia)v (RS ja
1~}j (t) < fi??jeik(tia), je /

t € [a,b),
t € a,b),

The proof is completed.

III. MAIN RESULTS

In this section, we will discuss the existence and global
exponential stability of equilibrium point for impulsive BAM
fuzzy cellular neural networks with distributed delays and
reaction-diffusion terms, and give their proofs.

Theorem 1: Under assumptions (H1), (H2) and (H3), if the
following conditions hold:

(C1) there exist constant A > 0 and vectors & =

(51)5%"'757’1)71 > 037] = (7]1)7]25"'anm)T > 0 such
that

! m
(== 2 Be)6 X [Jag| + (| + fag)
pa

X f0+oo €>\SNij($)d8:| Gj?]j <0, ies
l

(= = 5 Fm o+ 3 (Il + (185l + 1)

r=

X f0+oo ekSKji(S)dS} Fz gz < O7 j S /;
) p =

In pug _

sup{trtk_l} < A, where pu; =
keN

max

1,%ik,Yik}s k € N;
lSiSn,lSjSm{ 7’Y1k7’Yﬂ€}> S

then system (1) has exactly one globally exponentially stable
equilibrium point, and its exponential convergence rate equals
A— .

Proof. We shall prove this theorem in two steps.

Step 1: We prove the existence of the equilibrium point of
system (4).

Let (u(t,z),v(t,z))T and (a(t,z),v(t,x))T  be
arbitrary two solutions of system (4), where u(t,z) =
(ur(t, ), un(t,2)T, vit,z) = (vi(t,2), -, om(t,2))T

and u(t,z) = ui(t,@), -, un(t, )T, o(tz) =
01(t, ), -, U (t,2))T, then we have
A(u;(t,x) — u;(t, z))
ot
1
B 0 O(ui(t, ) — ui(t, @)
n ot ox, (D" ox, )

—

—a;(ui(t, z) — u(t, z))

+
IE

aijlg;(v;(t, @) — g;(v;(t,2))]

<
Il
—

N;j(t — 8)g;j(v;(s,z))ds

kli-
|
3

+
>3

8
—

N;j(t —s)g;(v;(s,x))ds

|
3
8
H
3

.
Il
—_

Nij(t — s)gj(vj(s,x))ds

T
\
3

+
<3

Sz
\
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- \/ Qi / $)g;(0;(s,x))ds  (13) By Lemma 2, we can obtain
1
) 0 ‘ yi(t, )
and /Qyz(t,x) ; oz, (D”. Do )dx
O(v;(t,z) — (¢, x)) o
l " < =2 It o)l (16)
=y 0 (Djra(”j(ta ) — @j(t7x)) —
r=1 0x, oz, From assumption (H1) and Hoder inequality, we have
—b;(v;(t,x) — v;(t, x))
+ > bjilfilwat, ) — filds(t, 2))] Z%/ il @) g (vt 2)) = 9503 (t,2)) | de

<
Il
-

t

Bji K;i(t —s)fi(u;(s,x))ds

+
IN

i
—
2

me / i (8 )15 (03 (£, 2)) — g0 (¢, )|

S las| [ lutsa)lz5(t,2) Gy
i=1 “

> i |Gllyi(t, )llallz; (¢, 2)]|2- (17)

Jj=1

Bji Kji(t — s) fi(u;(s,x))ds

|
L =>=
H
8

IA

.
Il

K;i(t —s)fi(u;(s,x))ds

_l’_
<=
Lv.l
\
IA

ii
I
8

Kji(t = s)f;(u;(s,x))ds  (14) By Lemma 1, assumption (H1) and Hoder inequality, we have

|
<=
|\“
3

=1
forie J,j¢€
Let yi(t.2) = ui(t, ) i (t.2), § € 7, 2(t.2) = v,(t,2) - fweo /\ “”/ Niglt = s)gsosle, ))de
v;(t,x), j € _Z. Multiply both sides of (13) by y;(¢,«) and
integrate it, we get _ /\ i / Nij(t — )g;(5;(s, ) ds}

T IR

< / 16,3 /\aw / 993 (v (5,2))ds
- [t X (o2
Q 1 0T r o /\ oz”/ N” gj(vj(s x)) ds‘dx
*&i/(yi(tw))le‘
mQ (t. x Qi i (t—38)gi(vi(s,x))ds
+3 e [uto s -goeo]e / v )'; " [lej<t e
/yz ) /\ a”/ Nt s)as o (er))de —m/_oo Nz‘j(t—S)gj(@j(jx))dS’dx
= D layl | it )] Nij(t = s)
— /\ 0‘2]/ Nij(t —8)g;(;(s, a:))ds} dx Jj=1 /Q ’[m
% (9503 (5. 2)) — (555, 2)]ds|
/yz (t,z) \/a”/ 5)9;(vj(s,x))ds < g|aij|aj/ﬂ|yi(t,x)|{/_;N (t
- \/ 041;/ 5)g;(7;(s, x))ds}d (15) x|vj(s,x)) — ﬂj(s,cc)|ds} dx
From Green’s formula and the Dirichlet boundary condition, = Xm: |oij |G / t Nij(t —s)
we have j >
[ty 2 (o, 260, <[ |yi<t,m)|\vj<s,x>>—@(s,zndx}ds
v N < iwe lyi(t, )2 / 9)l24(s,2) lads.
. Oyt x)\? N
= _;/QD"<y51‘r ) dx. (18)
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By the same reason, we have

/yztx \/oe”/ N;j;(t

m

_ \/ a”/ N;j(t —8)g;(v;(s, x))ds}d

s)g;(v; (s, z))ds

m

Z|&ij‘Gj”yi(tvx)”2/ Nij(t = )|z (s, @)l 2ds.

19)

Substituting inequalities (16)-(19) into (15), we can obtain

1d
(T
5 el )13
< aL+Z )|yL (t,)]3
+Z|az'j|Giji(t7x)||2||Zj(ta1‘)||2
j=1
Z(MU‘ + @i [)Gjllyi(t, @) |2
/ 5t = )]125(s, ) Jods,
ie.
DH|yi(t, J?)Ilz

IN

az—l—z

+Z|aij|Gj\|Zj(t7I)||2

j—l

+ Z |laiz| + |ai; )G

2 ) (1,2l

/ it —9)|zi(s,x)|l2ds, i€ I, (20)

By the same consequence, multiply both sides of (14) by
zj(t,x) and integrate it, we can obtain

DY |z(t, x)Hz
— (b, +Z

+Z |bjil Fillyi (¢, z) |2

i=1

+Z 1Bjil + 1B5il) Fi

IN

3 )4t )1

/ =)l lads, € S @D

Let 4;(t) = [lyi(t,2)|l2, 9;(t) = |2t 2)|]2,0 € S, ) €
1

Soand v = a; + 3 B py = laylGy, 45 = (Jous| +
r=1 "
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l
~ _ Dip - _

laij )Gy, 75 = by + > 755, pji = |bjl i, @i = (18] +
~ r=1 "

|Bji|)F; for i € #, 5 € #, where r; > 0, p;; > 0, ¢;; >
0,fj>07]3ji>0,(jji>0,i6f,j€/.

from (20), (21), we can obtain

D (t) < —ritig(t) + Z Pi;0;(t)
+ Z qij +OON (S)f)j(t - S)dS, 1€ 4,
j:
D¥o;(t) < —750;(t) + Z Djiti(t)

+ Z Gji fo

(s)t;(t —s)ds, je€ 7.
(22)

there exist A > 0 and & =

,Mm)T > 0 such that

From condition (C1),
(€1a£27"'7§n)T > 0577 = (7]177]27”'

=7 35 (s i Jy ™ N9

Kji(s)etds))& <0

e*ds)n; <0,

_ n _ _ —+o00
(A —=7j)n; + ;(pji + @i fo

(23)
foric #,je 7.
Takine s — el _ ¢y ll2+l4=l2
P U L) S SO R
¢ = ¢“H2+H¢”§l ¢”H2 1t is easy to prove that
1<i<n,1<j<m &
i(s) < ke, s € [—00,0], (24)
B(s) < Kkme™s, s € [—00,0].
Combining (22)-(24) and Lemma 3, we have
a(t) < ke A, t>0,
{ B(t) < kme™ A, t>0. (25)
Z &t Z Ui
Let M = —— {5 7 We can obtain
1<i<n,1<i<m "
> it 2)2 + Z 25 (¢, )|
i=1 j=1
< M( sw Z lys (s, )12
—OO<S
sup._ Z\lzg s,2)l2)e ™. @6)
It follows that
H (’U/(L 1’), ’U(t, x))T - (ﬂ(t, I’), @(t: x))TH?
< MeM(Gus o) = ($u d0) |12 27)
for all t > 0.
That is
H( ) t I))T - (ﬂ(tv*r)717<t:x))T|l2 = O(e_At)' (28)
For any fixed At > 0, (u(t — At,x),v(t — At,z))T is also a
solution of system (4), from (27), one can derive that
H (U(t, $)7 U(t, x))T B (u(t B Atv 1’), U(t - At7 x))T H
At
— O ). (29)
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This implies that

(it z), o(¢, )" |2

where  (t(t,z),v(t,z))T denotes the derivative of
(u(t,z),v(t,z))T for argument t. According to Cauchy
convergence principle, we conclude that system (4) has an
equilibrium solution

(w,v)" =

=0(e ™), (30)

* * \T
(u15u27'">un7vlav2:"'avm) )

where lim; oo u(t, ) = u*, lim; o0 v(t,x) = v*. That is,

system (1) has an equilibrium point.

Step 2: We prove that the equilibrium point of system (1)
is globally exponentially stable.

Let (u*,v*)T be an equilibrium point of system (1),
(u(t,z),v(t,z))T is an arbitrary solution of system (1), and set
U;(t,x) = ui(t,x) —uj,0;(t, ) = v;(t,z) —vj, i€ F,j €
F . It is easy to see that system (1) can be transformed into
the following system

gt 55 0D 250)) i, 2)
+r§: ‘j(gj(vj)—gj(v}f»
- 7\ s [ oy Nis(t = )95 (0)ds
_/:\1 iy [* . Nij(t — 8)g;(v7)ds
+ \W/L Guj [ Nij(t = s)g;(v;)ds
- V ay [* o Nij(t = s)g;(v)ds, ¢ # ty,
a; (@ ):lf’ p(Wi(ty,z), keEN
P = 3 g (D L) — by 7)
0 (zuz - fiu)
A By L Kt = ) fiu)ds
= A B I Kt = ) s
VB [ Kt = 5) s
= VB JL o Kt = ) fiuds, £t
o;(tf,x) = ij(vj(tkvx))v k€N, 0
where  Py(ii(t,z) =  Palw(tz) + ul) -
Pi(u7),  Qjx(95(t,x)) = Qjr(0(t, ) + vi) — Qjx(v)),

and the Dirichlet boundary conditions and initial conditions
of (3.18) are respectively

a;(t,x) =0, t>0, z€dN, i€.7, (31)
0i(t,x) =0, t>0, z€09, je _ 7,
and
%u(s,x) =u(s,x) —u* = ¢yu(s,z) —u*, se€(—o0,0],
Ou(s,) =v(s,2) —v* = ¢y(s,2) —v*, s€ (—00,0].

(32)
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Multiply both sides of first equation and third equation in (30)
by @;(t,x) and v;(t, x), respectively, and then integrate them.
By a minor modification of the proof of Step 1, we can easily
derive that

DFa(t) < —ryti(t) + i pi;U;(t)

+unf0 0j(t —s)ds, i€ S,
D*o;(t) < —7;0;(t) + leﬂuz()

8 4 i Kt = s, € S

(33)
where parameters r;, 7, pij, Dji, ¢ij» Gji (i € I, j € F)
are the same as (22). Uniformity, from condition (C1),

there exist A > 0 and & = (&,&,---,&)T > 0,n =
(77177727 e 777m)T > 0 such that
(A =1)& + Z (pm + qij Nij(s)e)‘SdS)nj <0,

=1
n

(A— + 2 (Bji + Gji I

=1

Kji(S)E)\st»& <0

(34)
forie 7, j¢€

-
- H¢u ¢u*”2+“¢1r ¢v*”2
Taking k = i (€]

, it is easy to prove that

la(t)ll2 < wge™",
[5()]2 < Kne=",

From Lemma 3, we obtain

—00 <1 <0 =t,
—o00o <t <0=tp.

a(t)|2 < kEe™Ht to <t <t
- _at (35)
10(t)]]2 < kne™?, to <t <t
Suppose that for | < k, the inequalities
la(t)ll2 < kpop -+ - —1&e™, o1 <t <ty (36)
l0(0)]l2 < Kpop -+ pu—1ne™ ™, iy <t <.
hold, where ;1o = 1. When [ = k + 1, we note that
latti)lle = [lalts,=)ll2 = [|Pe(a(ty, )]l
< Tylla,, )2
< Kpopr - pe—1Tk€ lim e
t—t,
< Kpop - -1 pr€e M, 37)
and
[5(te)lla = N8t 2)ll2 = |Qr(@(ty  2))ll2
< Fk||v(tk7 )2
< Kpopa - pr—1Lgn lim e™
—>t
< Kpop - pr—1peme M (38)
From (37), (38) and pj > 1, we have
a(t)|l2 < Kpop -« - pr—1pp€e™ N, —oo <t < ty,
[0(t)[l2 < mpopr - - pr—rpxne >, —oo <t <ty
(39)
Combining (33),(34),(39) and Lemma 3, we obtain that
a(t)]l2 < kpopa - prbe™,  ty <t <tppa, (40)
[9(8)]l2 < Kpopr -+ - prme ™™, ty <t < trqr.
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Applying the mathematical induction, we can obtain the fol-
lowing inequalities

{ [a(t)ll2 < Kpops -
0(t)|l2 < Kpopr -

'Mk§€7At3 te [tk7t/€+1)7 kENa
-pxne M, t € [ty, teya), k€ N.

(41)
According to (C2), we have p, < et(tr—te-1) < Alte—tr—1)
so we have

a2
< gettign(ta—t) | eu(tk—lftk—z)gefkt
= ngutkile_/\t < Hée_()\_u)tv te [tk—lvtk)v k€ N7
and
[o()]]2
< geMtrien(ta—ti) . eﬂ(tk—lftk—Q)ne*At
= knpettr1em M < gpem AWt e [tk—1,tk), k€ N.
That is
a(t)]l2 < kEe= A=Wt t e (—o0,ty), k€N,
5(t)||2 < kne= A=t t € (—oo,tx), ke€EN.
(42)
It follows that
n m
D luit,x) —uflla+ Y ot ) — ]l
i=1 j=1

- ZHﬁi(t)Hz—O—Z”ﬁj(t)H?

Z kEe~ At 4 Z ,{nje—(k—u)t

<
=1 j=1
Z:L 1 §z + Z;ﬂ 1 ] o
- min {,5 }(||¢UHQ+H¢UH 2)e
1<i<n,1<j<m " i
oYy,
1§l§17’11’,1¥%]§m{€“ 77]}
X (g = wlla + llgy = v 2) =70,
Lot M = 2=t G4SN g o pave

min
1<i<n,1<j<m

{&mit>

m

leuztw) U\\2+levﬂw) vjll2

< M(Hdm—u o + Hm—v o )em O,

The proof is completed.

Remark 1 From the conditions of Theorem 1, one can
know that the diffusion coefficient, the the Dirichlet boundary
conditions, the delay kernel functions and system parameters
have key effect on the stability of system (1). This theorem
also shows that the diffusion phenomenon can conduce to
stabilization of neural system.
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Remark 2 In order to obtain more precise estimate of the
exponential convergence rate of system (1) (or system (4)), it
is necessary to solve the following optimization problem

max A,

(OP) { s.t. (C1) holds.

When D;,. = 0, Djr =0or D < I, Djr < I, (T‘ =
1,2,---,1), that is, the diffusion effect can be ignored, we
have the following corollary.

Corollary 1: Under assumptions (H1), (H2) and (H3), if the
following conditions hold:

(C1’) there exist constant A > 0 and vectors & =

(&17527"'7€n)T > 0;77 = (77177]27"’7nm)T >0 such

that

[lass| + (g + [ass1)
+°° e Ny ()dS}G7]3<0 i€ I
(13l + 18521 + 1352
X [oF N K, (s)ds}Fifi<0, je 7

(A —ai)i + g:
(b +

In pug

:up{tk - 1} < A, where pu; =
ALk Akt k€N

C€2) p =

SISN, LSS

then system (1) has exactly one globally exponentially stable
equilibrium point, and its exponential convergence rate equals
A= .

Remark 3 Note that Lemma 2 transforms the fuzzy AND
(/\) and the fuzzy OR (\/) operation into the SUM operation
(>2). So above results can be applied to the following classical
impulsive BAM neural networks with distributed delays and
reaction-diffusion terms

l

Ou; (t,x Ou; (t,z
agf ) = Z BxT(D” aitr ))

— a;ui(t,x)

%
,_.

+ Z aijg;(vj(t,z))

j=1
U t
+ Z1 Qi f_oc Nij(t —s)gj(v;(s,z))ds
i=
+I;, t>0, t#ts, i€,
u1(t+a$):u7(t )+Plk(ul( .Z')),
t=ty, ke N,i € I
’ 43
Ov; (t,z) ! I 8vj(t,x) ( )
= = Zl o (Dj, ) = bju;(t, )

+ Z bji fi(ui(t, z))

+ z:lﬁji f_oo K;i(t — s)fi(ui(s,x))ds

I, t>0, t#ty, jE 7,
'Uj(t+,.’L'):'U]( )+Qlk(vj( ) ))7

t=tr, keN,je ¢
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and its corresponding continuous system

l
Ou (t,x Ou; (t,z
g = 3 G (Du P50 — agui(t, @)
+ 21 ai;9; (v;(t, x))
]:
Z Qij f 8)g;(vj(s,z))ds
i=1
. +Ili, t2~0,82t€/, (44)
Uja(t,x) = Tgl 8.27« (D]T 'Uéiryif)) — b]'l)](t,x)
+ Z bjifi(ui(t, x))
+ Z ﬁﬂf Kﬂ — 5) fi(ui(s, z))ds
w0, je g

For system (43) and system (44), it is easy to obtain the
following results.

Theorem 2: Under assumptions (H1) and (H2), if the fol-
lowing conditions hold:

(C1) there exist vectors & = (&1,&,--+,&)T > 0, =
(M1,m2,+,7m)T > 0 and positive number A > 0 such

!

>4

that
()‘*ai* )§z+z {|a”|+\a”|
r=1
X [oF AN (s )ds}ajnj <0, ies
l n
(A=t = X B )+ X [lesil + 16
X Jy K is)ds| B <0, je 7
sup {713”’“

EEN tp—tk—1
{1771'143’7]']6}’ ke N?

€2 p =

max

Sisn,ls3sm

then system (43) has exactly one globally exponentially stable
equilibrium point, and its exponential convergence rate equals
A= pu.

Corollary 2: Under assumption (H1) and (H2) , system (44)

has exactly one globally exponentially stable equilibrium point
if condition C1 holds.
Remark 4 Although those models in [6], [8], [12], [13], [20]
are different from system (44) because of the difference of
diffusion terms and boundary conditions, but all criteria in
[6], [8], [12], [13], [20] are independent of diffusion effect.
Comparing with some corresponding criteria in [6], [8], [12],
[13], [20], Corollary 2 is less conservative.

} < A, where g

IV. AN ILLUSTRATIVE EXAMPLE

In order to illustrate the feasibility of our above-established
criteria in the preceding sections, we provide a concrete ex-
ample. Although the selection of the coefficients and functions
in the example is somewhat artificial, the possible application
of our theoretical theory is clearly expressed.
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Consider the following impulsive BAM fuzzy neural net-
works with distributed delays and reaction-diffusion terms:

3
Ou; (t,x Ou; (t,x
Guafpt) = 21 52 (D 25088)) — a1, )
B 2
+ Z aijg;(v;(t, z)) + Z aijw; + I
+ /\ Qi f_oo Nij(t — s)gj(vj(s,x))ds
j=1
2
S
+ \/ dij [~ Nij(t —s)g;(v(s,x))ds
J
/\ wj—k\/HUw]7 t>0, t# i,
u;(t,x) = ui( ,x) + (— 1 +esmtk)ul( .z,
t=1tg, to=0,1t —tr_1 =10,k € N,
3
ov;(t,x) M Ov,(t X
P = 30 Dy ) — by (1)
2 2
+ 20 bjafilui(t, x)) + 32 by + Jj
i=1 i=1
2
+ /\ Bji fi Kji(t — s) fi(ui(s, z))ds
\/ Bii f Kji(t — s) fi(ui(s, z))ds
2
+/\ ﬁ)_‘_\/ wlv tZOa t#tk
vi(t,z) = v](t’ )—|—( 1 +ecosty)v;(t™,x),
t=tp, to=0,ty —tp_1 =10, k€ N
(45)
for i = 1,2, j = 1,2, where Q = {(z1,29,23)T ||z, <
1,r=1,2,3}, and
Dy = 001, Dy = 0.03, Dijzg = 001, Dy =
0.01, Dyy =0.02, Ds3=0.02,
a, = 295, as = 295, ayp = 15, a1 =
70.5, a1 — *0.5, a99 — 0.75,
a1 = 045, d19 = —0.45, g = —0.36, gy =
0367 11 = 025, 12 = 70.25,
Qg1 = —01257 oo = 075, CNYH = 025, 5[12 =
0.25, oy = 0.375, g = 0.5,
T, = 0.5, T, = 0.5, T = 0.5, To =
0.5, Hy =025, Hys=0.25,
Hyy = 025, Hyp = 025, I, = —0.75, I, =
t075, w1 = 1,_ wWo = ]., B B
Di = 001, Diz = 0.03, Dz = 0.01, Dy =
0.01, Dy =0.02, Dz =0.02,
by = 295 by = 295 by = 0.75, by —
—0.5, by =125, by =0.55, )
b11 = =045, bis = —0.35, by = —0.35, by =
0.25, P =0.125, Bip = 0.25, )
Bo1 = —0.45, Bz = 0.225, f11 = 0.125, [i2 =
—0.25, fo1 =03, far = 0.225, ]
Ty = 025, Tip = 025, Ty = 025, Ty —
0.25, Hy =05, Hiy=05,
Hyy = 05, Hyp = 05, J; = 005 Jy =
—0.65, @y =1, = 1,
Nij(s) = e, K i(s) = 2%
fi(u) = fz(u) = tatﬂh( ), g1(v) = ga(v) =
GESISTT
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It is easy to verify that assumptions (H1) and (H2) are satisfied,
and it is easy to calculate that

1 _
F-G—( 1>,Fk—rk—<ee>,Mk—

max{l,e} =e, p= sup fklnﬁ =0.1.

Solving the following optlmlzatlon problem

max \,
3
Q*ar—meKr+Z[Mm+ﬂmﬂ+WuD
X [0 XN ( )ds} Gin; <0,

3 2
(= a2 = 3 BN+ X [laagl + (o] + 1)
pa

r=1
X f+oo ASN )d8i| Gj??j <0,

(= b= 3 By o+ 3 [l + (18l + 1w

r=1 i=1

oMK "(s)ds} Fi& <0,

X 0
3
(= b= 3 Byt 3 [l + (1l + 1)

r=1
x [oF N K, (s)ds}Fifi <0,
A>0, €:(€17§Q)T>07 77:(7717772)T>07
we obtain that & = (1709700, 1232282)T > 0,n =
(1130721,1787826)" > 0, A ~ 0.164678 > 0.1 = p.
From Theorem 1, the equilibrium point of system (45) is
globally exponentially stable, and its exponential convergence
rate A — p ~ 0.064678.

V. CONCLUSIONS

A class of impulsive BAM fuzzy cellular neural networks
with distributed delays and reaction-diffusion terms has been
formulated and investigated. The global exponential stability
criteria for impulsive BAM fuzzy cellular neural networks with
distributed delays and reaction-diffusion terms have been de-
rived. In particular, the more precise estimate of the exponen-
tial convergence rate is also provided, which depends on the
system parameters, boundary conditions, delays and impulses.
An illustrate example is given to show the effectiveness of
obtained results. In addition, the sufficient conditions what
we obtained are easily verified. This has practical benefits,
since easily verifiable conditions for the global exponential
stability are important in the design and applications of neural
networks.
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