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Abstract—This paper provides a robust stabilization method
for rotational motion of underwater robots against parameter
uncertainties. Underwater robots are expected to be used for
various work assignments. The large variety of applications of
underwater robots motivates researchers to develop control systems
and technologies for underwater robots. Several control methods
have been proposed so far for the stabilization of nominal system
model of underwater robots with no parameter uncertainty. Parameter
uncertainties are considered to be obstacles in implementation of the
such nominal control methods for underwater robots. The objective
of this study is to establish a robust stabilization method for rotational
motion of underwater robots against parameter uncertainties. The
effectiveness of the proposed method is verified by numerical
simulations.

Keywords—Robust control, stabilization method, underwater
robot, parameter uncertainty.

I. INTRODUCTION

IN recent decades, the research interest in underwater robots
has been increased because underwater robots can be used for

various tasks in many fields such as rivers, lakes, ponds, seas.
Underwater robots have become an important tool for various
underwater tasks. For example, underwater robots can be used for
investigating environmental condition under rivers, lakes, ponds,
seas. Also, underwater robots are used for underwater inspection of
sub-sea cables, oil and gas installations, and pipelines. Underwater
robots are useful for various applications ranging from inspection to
maintenance and cleaning of submerged surfaces and constructions.
Moreover, underwater robots can be used for the exploration of the
deep ocean. In the future, underwater robots play an important role
to detect victims in flood disaster. The large variety of applications of
underwater robots motivates researchers to develop control systems
and technologies for autonomous underwater robots. Great efforts
have been made in developing control methods of autonomous
underwater robots to overcome challenging scientific and engineering
problems caused by the underwater environment.

The control problem of autonomous underwater robots is
very challenging due to the nonlinearity, time-variance, uncertain
disturbances, such as the external forces generated by the fluid
flow fluctuation, and the difficulty in accurately modeling the fluid
phenomena. Some classical linear control systems were designed
based on a simplified underwater robot model. However, they often
resulted in poor performance because of the nonlinear, time-varying
robot dynamics. Therefore, it is desirable to have a control system
with the capability of adapting to the changes in the nonlinear and
time-varying dynamics. Much efforts have been made in developing
nonlinear control methods of autonomous underwater robots to
overcome challenging nonlinear and time-varying problems.

Nonlinear model predictive control method has been proposed for
remotely operated underwater robots in [1]. Model predictive control
(MPC) [2]-[4], also known as receding horizon control [5]-[10], is
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a model-based control algorithm that solves a finite horizon optimal
control problem, using the current state of the system as the initial
state. As in traditional linear MPC, nonlinear MPC calculates control
inputs at each control interval using a combination of model-based
prediction and constrained optimization. The key differences between
linear MPC and nonlinear MPC are as follows: The prediction model
can be nonlinear and include time-varying parameters. The scalar cost
function to be minimized can be a nonlinear function of the decision
variables. Therefore, nonlinear MPC was well developed in [1] to
deal with the nonlinear and time-varying properties of underwater
robots. However, nonlinear MPC proposed in [1] uses a nominal
system model of underwater robots without considering parameter
uncertainties. The controller developed for a nominal system model
may fail in satisfying performance requirements especially when
changes in the system and environment occur during underwater robot
movement.

The starting point of most studies of control of underwater robots is
the system model that contains no parametric uncertainty. Parameter
uncertainties are considered to be obstacles in implementation of
control methods designed for a nominal system model of underwater
robots. Therefore, it is desirable to have a control system with
the robustness against parameter uncertainties. To this purpose, we
consider the robust stabilization problem of rotational motion of
underwater robots against parameter uncertainties. The objective
of this study is to propose a robust control for the stabilization
of rotational motion of underwater robots subject to parameter
uncertainties.

This paper is organized as follows. In Section II, we define
the system model and notations. In Section III, we consider the
robust stabilization problem of rotational motion of underwater robots
against parameter uncertainties. In Section IV, we provide the results
of numerical simulations that verify the effectiveness of the proposed
method. Finally, some concluding remarks are given in Section V.

Fig. 1 A schematic view of underwater robot
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II. NOTATION AND SYSTEM MODEL

In this section, we introduce some notations that are adopted
throughout this paper. Let the set of real numbers be denoted by
R. Let the set of non-negative real numbers be denoted by R+. Let
t ∈ R+ denote the temporal variable.

A function α : R+ → R+ is said to belong to class K if it is
continuous, strictly increasing and α(0) = 0. A function α : R+ →
R+ is said to belong to class K∞ if α ∈ K and lim

s→∞
α(s) = ∞.

Let the norm ‖x‖ be defined by ‖x‖ :=
√
xTx.

First, we introduce the system model of a rigid body. Let us
consider a rigid body in an inertial reference frame and let ωX(t),
ωY (t), and ωZ(t) denote the angular velocity components along a
body fixed reference frame having the origin at the center of gravity
and consisting of three principal axes. The Euler’s equations for
the rigid body with three independent controls aligned with three
principal axes are

IX ω̇X(t) = (IY − IZ)ωY (t)ωZ(t) + v1(t), (1a)

IY ω̇Y (t) = (IZ − IX)ωZ(t)ωX(t) + v2(t), (1b)

IZ ω̇Z(t) = (IX − IY )ωX(t)ωY (t) + v3(t), (1c)

where IX > 0, IY > 0, and IZ > 0 denote the principal moments
of inertia and v1(t), v2(t), and v3(t) denote the control torques. The
system model of underwater robots is different from the equations
of (1) because the properties of fluid dynamics are not considered
in (1). In this study, we assume that the flow velocity of fluids
is sufficiently small so that we can neglect the influence of fluid
momentum. When a rigid body is moving in a fluid, the additional
inertia of the fluid surrounding the body, that is accelerated by the
movement of the body, has to be taken into consideration [11]. This
effect can be neglected in robotics on the ground since the density
of the air is much lighter than the density of a moving mechanical
system. In underwater applications, however, the density of the water
is comparable with the density of the robots. The fluid surrounding
the robot is accelerated with the robot itself, a force is then necessary
to achieve this acceleration. The fluid exerts a reaction force which is
equal in magnitude and opposite in direction. This reaction force is
the added mass and inertia contribution. The added mass and inertia
are not quantities of fluid to add to the system such that it has
increased mass and inertia. Here, let JX > 0, JY > 0, and JZ > 0
denote the added moments of inertia.

Under the above assumptions, the system model of underwater
robots is described by

(IX + JX)ω̇X(t) = (IY + JY − IZ − JZ)ωY (t)ωZ(t) + v1(t),
(2a)

(IY + JY )ω̇Y (t) = (IZ + JZ − IX − JX)ωZ(t)ωX(t) + v2(t),
(2b)

(IZ + JZ)ω̇Z(t) = (IX + JX − IY − JY )ωX(t)ωY (t) + v3(t).
(2c)

The system model (2) can be rewritten as

ω̇X(t) =
IY + JY − IZ − JZ

IX + JX
ωY (t)ωZ(t) +

v1(t)

IX + JX
, (3a)

ω̇Y (t) =
IZ + JZ − IX − JX

IY + JY
ωZ(t)ωX(t) +

v2(t)

IY + JY
, (3b)

ω̇Z(t) =
IX + JX − IY − JY

IZ + JZ
ωX(t)ωY (t) +

v3(t)

IZ + JZ
. (3c)

For notational simplicity, we introduce the following notations:

a1 :=
IY + JY − IZ − JZ

IX + JX
, (4a)

a2 :=
IZ + JZ − IX − JX

IY + JY
, (4b)

a3 : −IX + JX − IY − JY

IZ + JZ
, (4c)

b1 :=
1

IX + JX
, (4d)

b2 :=
1

IY + JY
, (4e)

b3 :=
1

IZ + JZ
. (4f)

Furthermore, we introduce the state vector of system defined by

x(t) :=

⎡
⎣

ωX(t)
ωY (t)
ωZ(t)

⎤
⎦ . (5)

Using these notations in (4) and (5), the system model of underwater
robots can be described by the following state equation:

ẋ(t) = f(x(t), v(t)), (6)

f(x(t), v(t)) :=

⎡
⎣

a1x2(t)x3(t) + b1v1(t)
a2x3(t)x1(t) + b2v2(t)
a3x1(t)x2(t) + b3v3(t)

⎤
⎦ .

Note that ai and bi for i = 1, 2, 3 are constant system parameters.
In general, it is difficult to precisely identify the system parameters.
From the practical point of view, certain amounts of model errors
need to be considered. In this study, we assume that the system
parameters ai (i = 1, 2, 3) are not exactly known and system
parameters ãi (i = 1, 2, 3) that contain model uncertainties are only
available to design the control system for stabilizing the rotational
motion of underwater robot dynamics (6). Note that ãi are given by

ã1 := a1 +Δa1 (7a)

ã2 := a2 +Δa2 (7b)

ã3 := a3 +Δa3 (7c)

where Δai (i = 1, 2, 3) are uncertain parameters. Parameter
uncertainties such as model errors are considered to be obstacles
in implementation of control methods designed for a nominal
system model of underwater robots. Therefore, it is desirable
to have a control system with the robustness against parameter
uncertainties. To this purpose, we consider the robust stabilization
problem of rotational motion of underwater robots against parameter
uncertainties. The objective of this study is to propose a robust control
for the stabilization of rotational motion of underwater robots subject
to parameter uncertainties.

III. ROBUST STABILIZATION OF UNDERWATER ROBOTS

In this section, we propose a robust stabilization method for system
model (6). Under the assumption that the system parameters ãi

that contain parameter uncertainties are only available to design the
control system for stabilizing the rotational motion of underwater
robot dynamics (6), we propose the following control inputs:

v1 =
1

b1
(−ã1x2(t)x3(t)− k1x1), (8a)

v2 =
1

b2
(−ã2x3(t)x1(t)− k2x2), (8b)

v3 =
1

b3
(−ã3x1(t)x2(t)− k3x3), (8c)

where ki (i = 1, 2, 3) are feedback gain to be designed so as to
satisfy the robust stability condition.
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Employing the control inputs (8) in (6), we see that the feedback
closed-loop system is given by

ẋ(t) =

⎡
⎣

−Δa1x2(t)x3(t)− k1x1

−Δa2x3(t)x1(t)− k2x2

−Δa3x1(t)x2(t)− k3x3

⎤
⎦ . (9)

In the following, we provide the robust stability analysis of the
system (9) which is given by substituting (7) and (8) into (6). The
robust stability analysis in this study is based on the Lyapunov
stability theory. The following statement is well known as Lyapunov
stability theory.

Consider a system ẋ(t) = f(x(t)). Suppose that there exist a
Lyapunov function V (x) : R

n → R+, class K∞ functions α1,
α2 and a positive definite function α3 satisfying all the following
conditions:

V (x) ≥ α1 (‖x‖) ,
V (x) ≤ α2 (‖x‖) ,
V̇ (x) =

∂V (x)

∂x
ẋ =

∂V (x)

∂x
f(x) ≤ −α3 (‖x‖) .

Then, the origin x = 0 is asymptotically stable.
Here, let V (x) be defined by

V (x) :=
1

2
(x2

1 + x2
2 + x2

3) (10)

as a candidate of Lyapunov function. Then, the time derivative of
V (x) is given by

V̇ (x) =
∂V (x)

∂x
ẋ = x1ẋ1 + x2ẋ2 + x3ẋ3 (11)

Substituting (9) into (11), we obtain the following equation:

V̇ (x) = −(Δa1 +Δa2 +Δa3)x1x2x3 − k1x
2
1 − k2x

2
2 − k3x

2
3.
(12)

It is well known that the following relation between arithmetic mean
and geometric mean holds true.

x2
1 + x2

2 + x2
3

3
≥ 3

√
x2
1x

2
2x

2
3 (13)

From (13), we have the following relation:

1

3
√
3
‖x‖‖x‖2 ≥ x1x2x3 (14)

Applying (14) into (12), we have the following inequality:

V̇ (x) ≤ |(Δa1 +Δa2 +Δa3)|
3
√
3

‖x‖‖x‖2 − k1x
2
1 − k2x

2
2 − k3x

2
3.

(15)

Let D be the constant defined so as to satisfy the following inequality:

|(Δa1 +Δa2 +Δa3)|
3
√
3

‖x‖ ≤ D. (16)

Applying (16) into (15), we have the following inequality:

V̇ (x) ≤ D‖x‖2 − k1x
2
1 − k2x

2
2 − k3x

2
3

= (D − k1)x
2
1 + (D − k2)x

2
2 + (D − k3)x

2
3 (17)

Suppose that D < k1, D < k2 and D < k3, then we have the
following:

V̇ (x) ≤ (D − k1)x
2
1 + (D − k2)x

2
2 + (D − k3)x

2
3

≤ 0 (18)

Consequently, we can state the following statement.
If the following condition is satisfied

D < ki for all i = 1, 2, 3, (19)

then, x = 0 of the system (9) is asymptotically stable.
It is seen that if we set the feedback gain so as to satisfy the

inequality (19), then the closed-loop system (9) can be robustly
stabilized using control input (8) against parameter uncertainties.

IV. NUMERICAL SIMULATIONS

In this section, we provide numerical simulation results to verify
the effectiveness of the proposed method. Here, we consider four
cases for numerical simulations as shown in Table I.

TABLE I
SIMULATION CASES

[Δa1,Δa2,Δa3] [k1, k2, k3] D
Case 1 [0.0662, -0.0061, -0.031] [0.01, 0.01, 0.01] 0.161
Case 2 [0.0662, -0.0061, -0.031] [5, 5, 5] 0.161
Case 3 [0.0071, -0.0007, -0.0033] [0.01, 0.01, 0.01] 1.51
Case 4 [0.0071, -0.0007, -0.0033] [10, 10, 10] 1.51

Other parameters employed in the numerical simulations are listed
in Table II.

TABLE II
SIMULATION PARAMETERS

IX 0.438
IY 0.833
IZ 0.758
JX 34.9
JY 101
JZ 82.5

x(0) [10, 10, 10]T

The results of numerical simulations by the proposed method are
shown below. Fig. 2 shows the time responses of x(t) in case 1.
Fig. 3 shows the time responses of x(t) in case 2. Fig. 4 shows the
time responses of x(t) in case 3. Fig. 5 shows the time responses of
x(t) in case 4. These figures reveal the effectiveness of the proposed
method. It can be seen that the feedback gains satisfying (19) make
the system robustly asymptotically stable.

Fig. 2 Time responses of x(t) in case 1
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Fig. 3 Time responses of x(t) in case 2

Fig. 4 Time responses of x(t) in case 3

Fig. 5 Time responses of x(t) in case 4

V. CONCLUSION

In this paper, we propose a robust stabilization method
for rotational motion of underwater robots against parameter

uncertainties. So far, most studies have proposed control systems for
the nominal system model of underwater robots with no parameter
uncertainty. However, parameter uncertainties are considered to
be obstacles in implementation of such nominal control methods
for underwater robots. Therefore, this study established a robust
stabilization method for rotational motion of underwater robots
against parameter uncertainties. The effectiveness of the proposed
method was verified by numerical simulations.

It is also known that time delays may cause instabilities of the
control systems of underwater robots [12]-[17]. The control problem
of underwater robot systems with time delays is a possible future
work.

REFERENCES

[1] A. Molero, R. Dunia, J. Cappelletto and G. Fernandez, Model Predictive
Control of Remotely Operated Underwater Vehicles Proceedings of
IEEE Conference on Decision and Control, pp. 2058-2063, 2011.

[2] T. Hashimoto, I. Yoshimoto, T. Ohtsuka, Probabilistic Constrained
Model Predictive Control for Schrödinger Equation with Finite
Approximation, Proceedings of SICE Annual Conference, pp.
1613-1618, 2012.

[3] T. Hashimoto, Probabilistic Constrained Model Predictive Control for
Linear Discrete-time Systems with Additive Stochastic Disturbances,
Proceedings of IEEE Conference on Decision and Control, pp.
6434-6439, 2013.

[4] T. Hashimoto, Computational Simulations on Stability of Model
Predictive Control for Linear Discrete-time Stochastic Systems,
International Journal of Computer, Electrical, Automation, Control and
Information Engineering, Vol. 9, No. 8, pp. 1385-1390, 2015.

[5] T. Hashimoto, Y. Yoshioka, T. Ohtsuka, Receding Horizon Control with
Numerical Solution for Thermal Fluid Systems, Proceedings of SICE
Annual Conference, pp. 1298-1303, 2012.

[6] T. Hashimoto, Y. Yoshioka, T. Ohtsuka, Receding Horizon Control with
Numerical Solution for Spatiotemporal Dynamic Systems, Proceedings
of IEEE Conference on Decision and Control, pp. 2920-2925, 2012.

[7] T. Hashimoto, Y. Takiguchi and T. Ohtsuka, Output Feedback Receding
Horizon Control for Spatiotemporal Dynamic Systems, Proceedings of
Asian Control Conference, 2013.

[8] T. Hashimoto, Y. Yoshioka and T. Ohtsuka, Receding Horizon Control
for Hot Strip Mill Cooling Systems, IEEE/ASME Transactions on
Mechatronics, Vol. 18, No. 3, pp. 998-1005, 2013.

[9] T. Hashimoto, Y. Yoshioka and T. Ohtsuka, Receding Horizon Control
With Numerical Solution for Nonlinear Parabolic Partial Differential
Equations, IEEE Transactions on Automatic Control, Vol. 58, No. 3,
pp. 725-730, 2013.

[10] T. Hashimoto, Y. Takiguchi and T. Ohtsuka, Receding Horizon Control
for High-Dimensional Burgers Equations with Boundary Control
Inputs, Transactions of the Japan Society for Aeronautical and Space
Sciences, Vol. 56, No.3, pp. 137-144, 2013.

[11] G. Antonelli, Underwater Robots: Motion and Force Control of
Vehicle-Manipulator Systems Springer Tracts in Advanced Robotics,
2010.

[12] T. Hashimoto, T. Amemiya and H. A. Fujii, Stabilization of Linear
Uncertain Delay Systems with Antisymmetric Stepwise Configurations,
Journal of Dynamical and Control Systems, Vol. 14, No. 1, pp. 1-31,
2008.

[13] T. Hashimoto, T. Amemiya and H. A. Fujii, Output Feedback
Stabilization of Linear Time-varying Uncertain Delay Systems,
Mathematical Problems in Engineering, Vol. 2009, Article ID. 457468,
2009.

[14] T. Hashimoto and T. Amemiya, Stabilization of Linear Time-varying
Uncertain Delay Systems with Double Triangular Configuration, WSEAS
Transactions on Systems and Control, Vol. 4, No.9, pp.465-475, 2009.

[15] T. Hashimoto, Stabilization of Abstract Delay Systems on Banach
Lattices using Nonnegative Semigroups, Proceedings of the 50th IEEE
Conference on Decision and Control, pp. 1872-1877, 2011.

[16] T. Hashimoto, A Variable Transformation Method for Stabilizing
Abstract Delay Systems on Banach Lattices, Journal of Mathematics
Research, Vol. 4, No. 2, pp.2-9, 2012.

[17] T. Hashimoto, An Optimization Algorithm for Designing a Stabilizing
Controller for Linear Time-varying Uncertain Systems with State
Delays, Computational Mathematics and Modeling, Vol.24, No.1,
pp.90-102, 2013.

World Academy of Science, Engineering and Technology
International Journal of Electrical and Information Engineering

 Vol:14, No:9, 2020 

274International Scholarly and Scientific Research & Innovation 14(9) 2020 ISNI:0000000091950263

O
pe

n 
Sc

ie
nc

e 
In

de
x,

 E
le

ct
ri

ca
l a

nd
 I

nf
or

m
at

io
n 

E
ng

in
ee

ri
ng

 V
ol

:1
4,

 N
o:

9,
 2

02
0 

pu
bl

ic
at

io
ns

.w
as

et
.o

rg
/1

00
11

46
0.

pd
f


